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Fig 4. LiDAR volume development over a reductions by treatments under weedy

6-week period across different treatments. and weed free conditions.
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LiDAR has shown more potential in the remote sensing workflow than
multispectral so far. Next steps will be attempting to utilize segmentation to
visualize stronger relationships between multispectral and ground data.
Modelling yield loss under weedy and weed free conditions is also going to be
one of the next steps in this project.

Fig 1. Remote Sensing data extraction: Aerial view of the field after multispectral
image stitching (left). Image of the field after processing LIiDAR point cloud
(middle). NDVI layer with polygon plot boundary layer overlayed for stat extraction

(right).
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